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Evaluation of Cache Hit Ratio of Content Recommendation System Considering Effect of Cache
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2: Collaborative filtering for only cached contents
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3% 1: Cache hit ratio in each cache size

Cache hit rate (%)
Cache size
No recommendation | Low threshold High threshold
10 1.25 3.31 1.18
100 5.29 591 5.29
1000 18.40 16.73 14.60
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